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Actual vs. Optimal Batting Order

5 out n ABsi?]iﬁr:GEfETE - T[i, j, k, 1] = BRP(batter;, batter,, s 1 2 12 3 13 23 L
EE;EQL MANAGER OPTIMAL ORDER (BRP) batter,, batter) 0 out 0.48 0.86 1.10 1.44 1.35 1.78 1.96
,  Freeman, Each batter's transition probabilities are derived 1 out 8.25 B.51 B.66 0.38 0.95 1.15 1.38 1.54
t Betts, M. 0.412 : from counting statistics — out rate, 1B, 2B, 3B, HR, 2 out 0.10 .22 0.32 0.43 .35 0.48 0.58 0.75
) Iljeeman, 9 389 2 Ohtani,S. 0.408 and BB/HBP — and are further split by a speed The tensor encodes the expected net run production SRP decomposes Into GO (get-on-bass) and

3  Betts, M. 0.395 for every ordered quadruple of batters, forming the

factor (hormalized log-scaled stolen-base rate) PUDI (push-up / drive-in) components for

3 Ohtani, S. 0.361 . .
4  Smith, W. 0.312 . _ search space for optimization. _ S _ | |
4 Muncy, M. 0.298 into fast- and slow-runner variants. visualization and diagnostic analysis.

5 Muncy, M. 0.289
5 Smith, W. 0.276

PER-BATTER BRP BREAKDOWN (GOB + PUDI) O S - - S L
ptimization Engine Try Our Website!
Freeman, F. o 0.421
Ohtani, S. 1 0.408 B Key Fealures
Position-Weighted BRP Across the Order
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Lineup Builder

Search any MLB player, configure platoon splits, drag
and drop batting positions, apply handedness
constraints, and export or share optimized lineups.
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RHB, with wraparound), and speed-based platoon splits.

because of conventional

D Game Archive & Lineup Hub

Calendar-based historical browsing backed by a
PERMUTATIONS NU;EE;RCJHIT EDNERHFTRTIE;JSSDR - - - PostgreSQL cache, with social lineup sharing, a request
system, user comparison threads, and comments.

heuristics (best hitter batting third,
pitcher batting ninth).
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