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each practice kick. A bin-by-bin EPA
breakdown revealed where kickers
underperform in games relative to practice,
informing targeted coaching. We also used
league-average scaling curves to compare
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However, the faster kick (75 mph) lands in a high-
probability zone, while the slower one (60 mph) falls
in a low-probability zone. This shows how targeted
mechanical tweaks can turn a likely miss into a
make, helping coaches prioritize the most impactful
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A linear regression model was used to
relate practice predictions to scaled in-
game performance, producing the
equation:

Game = 1.21 x Practice +/- 0.16.

boost projected game EPA, supporting
data-driven performance optimization.
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metrics such as ball speed and
attempt distance Expected Points Added (EPA)
e Use model outputs and visualizations EPA=iZ(ATTi><(a : PRAC_PROBi+b)><EPA_ VALUEi) Kicker EPA/Att Total EPA Attempts Makes 40yd Misses 40yd

to identify optimal kicking conditions
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chances of scoring. Practice Data

A dataset of over 3,800 NFL practice A regression model converted practice success PlayerID EPA/Att Total EPA Attempts Makes 40yd Misses 40yd
probabilities into projected game outcomes,
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SMOTETomek), threshold tuning, risk and reward. By combining these two
insights, coaches can choose when to attempt

and hyperparameter optimization
to improve recall and overall
predictive performance.

a kick at a certain distance or not, and which

Kicker to use if they do decide to attempt. This analysis shows how player tracking data

and predictive modeling can uncover trends
in field goal performance. By linking practice Rpeferences

Models were evaluated using precision, 0 Model metrics with in—-game EPA, it offers a
recall, accuracy, and confusion 9 7 /O Accu racy framework for evaluating kicker
matrices. Tree-based models effectiveness beyond basic stats. These

Recall achieved by the Random Forest model findings can support data-driven coaching

S _ when predicting successful field goal attempts decisions, with future work exploring added
predictive of field goal success. — correctly identifying nearly all makes factors like weather or game context.

importance revealed the metrics most




