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Are human umpires still the optimal baseball officiation method?
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influences umpire accuracy. Right chart shows the home team’s advantage
> Crowd is constant regardless of change in the umpire’s accuracy.

o Garbage time
e Investigate how much of an
effect the umpire’s
accuracy has on the
outcome of a game
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 Umpires consistently deviate from the official
zone in predictable ways

e Umpires are stricter on 2-strike counts, with
significantly smaller strike zones on those pitches
— primarily vertically (less top/bottom wiggle
room)

e Pitchers like Bumgarner and Scherzer get
different calls — Bumgarner benefits more on
the edges

o Batters like Juan Soto get larger strike zones,
possibly due to their stances or reputations.

Aaron Judge's low zone is confirmed (bottom ---57.7cm (22.7in) ---
3cm lower than average), though he gets smaller
Zones OveraIL A —40 _30 —20 ~10 0 10 20 30 00
My takeaways from the readings led to a shift in my approach, looking specifically at the biases
emphasized in the papers
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strike zone making them easier
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e Umpire accuracy by count
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loving document detailing
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study.
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The dataset | used consisted of pitch-
specific data for over 1,200 games
from April to June 2024.
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